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Instrument Launch Pixel size Coverage Spectral resolution Data
date (m?) 9 (nm) availability
GHGSat 2016 25%25 targeted 1-7 UL/ commercial
(hyperspectral)
PRISMA 2019 30%x30 targeted 30 10 (hyperspectral) upon request
GF-5 2021 30%30 targeted ? 10 (hyperspectral) upon request
WorldView-3 2014 3.7x3.7 targeted 1 50 (multispectral) commercial
Landsat-8 2013 30%30 global 16 200 (multispectral) public
Sentinel-2 2015 20%20 global 2-5 200 (multispectral) public

» Multispectral satellites (Sentinel-2 and Landsat-8) have methane-sensitive channels, high spatial
resolution, as well as global coverage and frequent observations, making it suitable for long-term

monitoring methane point sources of the O&G fields worldwide.
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Instrument Launch Pixel size Coverage Spectral resolution Data
date (m?) 9 (nm) availability
GHGSat 2016 25%25 targeted 1-7 UL/ commercial
(hyperspectral)
PRISMA 2019 30%x30 targeted 30 10 (hyperspectral) upon request
GF-5 2021 30%30 targeted ? 10 (hyperspectral) upon request
WorldView-3 2014 3.7x3.7 targeted 1 50 (multispectral) commercial
Landsat-8 2013 30%30 global 16 200 (multispectral) public
Sentinel-2 2015 20%20 global 2-5 200 (multispectral) public

» Multispectral satellites (Sentinel-2 and Landsat-8) have methane-sensitive channels, high spatial
resolution, as well as global coverage and frequent observations, making it suitable for long-term

monitoring methane point sources of the O&G fields worldwide.
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BE{H 5 FHi——Low-reflectance artifact detection (LRAD)E ;%
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1T # % 5]——Deep subdomain adaptation network (DSAN)
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HEXin=MH Hassi Messaoud O&G field in Algeria
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Dauletabad Gas Field
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Irg_ Step 1: Methane retrieval

Satellite imaﬁry collection

Artifacts remogl using LRAD

Methane signal (AR) estimation
using Real-Ref BR method

Export to Google Drive and
Download

Training datalg,lets collection
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FPR & FNIB| evaluation

AV4

Patch-wise scanning
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